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Abstract: In order to develop a high-precision intelligent extraction method suitable for provincial-level marine
algae aquaculture areas and to promote accurate calculation and change detection of these areas, this paper
studies the remote sensing intelligent extraction method for marine algae aquaculture areas based on domestic
high-resolution remote sensing images. Comparing the extraction results of the U-Net model, DeepLab V3+
model, and MSUResUnet model in typical marine algae aquaculture areas, the accuracy (Accuracy), recall,
mean intersection over union (mloU), and F1 score of the MSUResUnet model were improved by 0.14%,
0.84%, 0.34%, and 0.32% compared to the U-Net model, and were improved by 0.18%, 0.88%, 0.40%, and
0.36% compared to the DeepLab V3+model. Therefore, the MSUResUnet model was chosen for automated
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extraction of marine algae aquaculture areas in Fujian Province. According to the extraction results, the total

area of marine algae aquaculture in Fujian Province from July 2022 to May 2023 was approximately

345.6912 km’.
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Fig. 4 Remote sensing image of marine algae culture
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Fig. 5 Comparison diagram before and after image fusion
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Tab.l Remote sensing data for marine algae culture extraction
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Fig. 8 Ningde Sansha Bay model training and test results
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Fig. 10 Extraction results of marine algae culture area in Fujian Province
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